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A. Measure Name

Clinician and Clinician Group Risk-standardized Hospital Admission Rates for
Patients with Multiple Chronic Conditions (MCC).

B. Measure Description

The measure is a risk-standardized rate of acute, unplanned hospital
admissions for the Merit-based Incentive Payment System (MIPS) among
Medicare Fee-for-Service (FFS) patients aged 65 years and older with
multiple chronic conditions (MCCs); i.e., two or more of nine qualifying
chronic conditions. The measure is adjusted for age, chronic condition
categories, and other clinical and frailty risk factors present at the start of the
12-month measurement period as well as social risk factors. The measure
attributes admissions to MIPS participating clinicians and/or clinician groups,
as identified by their National Provider Identifiers (NPIs) and/or Taxpayer
Identification Number (TIN) and assesses each clinician’s or clinician group’s
admission rate.
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C. Rationale

Hospital admission rates are an effective marker of ambulatory care quality.
Hospital admissions from the outpatient setting reflect a deterioration in
patients’ clinical status and as such reflect an outcome that is meaningful to
both patients and providers. Patients receiving optimal, coordinated high-
quality care should use fewer inpatient services than patients receiving
fragmented, low-quality care.

Thus, high population rates of hospitalization may signal poor quality of care
or inefficiency in health system performance. Furthermore, these effects may
be exacerbated in disadvantaged areas.

Patients with MCCs are at high risk for hospital admission, often for
potentially preventable causes, such as exacerbation of pulmonary disease.
Evidence from several Medicare demonstration projects suggests that care
coordination results in decreased hospital admission rates among high-risk
patients. In addition, studies have shown that the types of ambulatory care
clinicians this measure targets (for example, primary care providers and
specialists caring for patients with MCCs) can influence admission rates
through primary care clinician supply, continuity of care, medication
prescribing and dispensing interventions, as well as patient- centered medical
home interventions such as team-based care, home visits, and patient-
oriented care. Other studies speak directly to the positive effect that individual
providers and group practices can have on lowering patients’ hospital visit
rates. In particular, they support that comprehensive and continuous care by
individual providers can decrease care utilization.

The goal of this measure is to illuminate variation among MIPS clinicians and
clinician groups in hospital admission rates for patients with MCCs and
incentivize them to expand efforts to develop and implement efficient and
coordinated chronic disease management strategies that anticipate and
respond to patients’ needs and preferences.

Additional details on rationale can be found in original measure information
forms (MIFs) in the resource library on the Quality Payment Program website
at: https://gpp.cms.gov/resources/resource-library.



https://qpp.cms.gov/resources/resource-library

D. Measure Outcome (Numerator)

The outcome for this measure is the number of acute unplanned admissions
per 100 person-years at risk for admission during the measurement period.
This measure does not include the following types of admissions in the
outcome because they do not reflect the quality of care provided by

ambulatory care providers who are managing the care of patients with MCCs:
1.

Planned hospital admissions

Rationale: Although clinical experts agree that proper care in the
ambulatory setting should reduce hospital admissions, variation in
planned admissions (such as for elective surgery) does not typically
reflect quality differences.

Consistent with the approach CMS has taken for other admission and
readmission measures, the measure excludes planned hospital
admissions because planned admissions are not a signal of poor-
quality care. Planned admissions are those planned by providers and
patients for anticipated medical treatment or procedures that must be
provided in the inpatient setting. Most planned admissions are part of
ongoing clinical care and do not represent acute events that could have
been prevented by high-quality care. Moreover, for ambulatory patients
with chronic diseases, admissions for certain planned procedures (e.g.,
placement of a cardiac device designed to prolong life) are consistent
with the highest quality of care. For these reasons, planned admissions
are not counted in the measure outcome.

The planned admission algorithm was based on CMS'’s Planned
Readmission Algorithm Version 4.0, which CMS originally created to
identify planned readmissions for the hospital-wide readmission
measure. In brief, the algorithm uses a flowchart and four tables of
procedure and/or discharge diagnosis categories to identify planned
admissions.

A comprehensive list of category and ICD-10 codes used in the
planned readmission algorithm is available in the MIPS MCC Data
Dictionary (code specifications report) via links provided in Section
l.

2. Admissions that occur directly from a skilled nursing facility (SNF)




or acute rehabilitation facility

3. Admissions that occur within a 10-day “buffer period” after
discharge from a hospital, SNF, or acute rehabilitation facility

4. Admissions that occur after the patient has entered hospice. The
measure excludes from the outcome admissions that occur when
patients are enrolled in Medicare’s hospice benefit (hereinafter,
hospice care)

5. Admissions related to complications from procedures or surgeries.
A comprehensive list of the measure outcome exclusions utilizing
the Agency for Healthcare Research and Quality (AHRQ) Clinical
Classifications Software (CCS) diagnosis categories is available in
the MIPS MCC Data Dictionary (code specifications report) via
links provided in Section |

6. Admissions related to accidents or injuries. A comprehensive list of the
measure outcome exclusions utilizing the AHRQ CCS diagnosis
categories is available in the MIPS MCC Data Dictionary (code
specification report) via links provided in Section I.

7. Admissions that occur prior to the first visit with the assigned
clinician or clinician group

8. Admissions with a principal discharge diagnosis of COVID-19. A
comprehensive list of the measure outcome exclusions utilizing the
AHRQ CCS diagnosis categories and/or ICD-10 codes is available
in the MIPS MCC Data Dictionary (code specifications report) via
links provided in Section |I.

E. Population Measured (Denominator)

The cohort, or group of patients included in the measure, is comprised of
Medicare FFS beneficiaries 65 years or older whose combinations of chronic
conditions put them at high risk of admission and whose admission rates
could be lowered through better care. This definition reflects NQF’s “Multiple
Chronic Conditions Measurement Framework,” which defines patients with
MCCs as people “having two or more concurrent chronic conditions that act
together to significantly increase the complexity of management, and affect
functional roles and health outcomes, compromise life expectancy, or hinder




R 4@

self-management”.

The specific inclusion criteria are as follows.

Patient is alive at the start of the measurement period and has two or more of
nine chronic condition disease groups in the year prior to the measurement
period:

e Acute myocardial infarction (AMI)

e Alzheimer’s disease and related disorders or senile dementia
e Atrial fibrillation

e Chronic kidney disease (CKD)

e Chronic obstructive pulmonary disease (COPD) and asthma
e Depression

e Diabetes

e Heart failure

e Stroke and transient ischemic attack (TIA)

The MCC Cohort tab in the Data Dictionary (code specification report) in
Section | identifies the claim algorithms, lookback period, and the specific
International Classification of Diseases, Tenth Revision (ICD-10) codes for
each of the nine chronic disease groups.

Patient is aged =265 years at the start of the year prior to the measurement
period.

Patient is a Medicare FFS beneficiary with continuous enrolliment in Medicare
Parts A and B during the year prior to the measurement period.

F. Exclusions

The measure excludes the following patients from the denominator:
e Patients without continuous enroliment in Medicare Part A or B during the
measurement period

e Patients who were in hospice at any time during the year prior to the
measurement year or at the start of the measurement year

e Patients who had no Evaluation & Management (E&M) visits to a MIPS-
eligible clinician type




e Patients assigned to clinician who achieve Qualifying Advanced
Alternative Payment Model Participant (QP) status and therefore do not
participate in MIPS

e Patients attributed to hematologists and oncologists

G. Data Collection Approach and Measure Collection

This measure is calculated from Medicare inpatient claims, Medicare
outpatient claims (hospital outpatient and Part B Carrier claims), Medicare
beneficiary enrollment data, Durable Medical Equipment claims, the
American Community Survey, and the Area Health Resource Files.

H. Methodological Information and Measure Construction

Attribution:

The measure uses a visit-based approach to attribute patients to a primary
care provider (PCP) or a specialist who typically coordinates care for MCC
patients included in the measure.

Provider types included for measurement:

e Primary care providers (PCPs): CMS designates PCPs as physicians who
practice internal medicine, family medicine, general medicine, or geriatric
medicine, and non-physician providers, including nurse practitioners,
certified clinical nurse specialists, and physician assistants.

¢ Relevant specialists: Specialists covered by the measure are limited to
those who provide overall coordination of care for patients with MCCs
and who manage the chronic diseases that put the MCCs patients in the
measure at risk of admission. These specialists were chosen with input
from our Technical Expert Panel (TEP) and include cardiologists,
pulmonologists, nephrologists, neurologists, endocrinologists, and
hematologists/oncologists (see definitions in the Data Dictionary MIPMCC
Attribution Providers). However, as noted above in Section F, the
measure is not designed to assess the quality of care of cancer
specialists who are actively managing cancer patients, and thus patients
attributed to hematologists and oncologists are excluded from the
measure.




Patient Attribution:

We begin by assigning each patient to the clinician most responsible for the
patient’s care using the number and pattern of E&M visits. The patient can be
assigned to a PCP, a relevant specialist, or can be left unassigned.

A patient who is eligible for attribution can be assigned to a relevant specialist
only if the specialist has been identified as “dominant”. A specialist is
considered “dominant” if they have two or more visits with the patient, as well
as at least two more visits than any PCP or other relevant specialist. For
example, if a patient saw a cardiologist four times in the measurement year, a
PCP twice, and a nephrologist twice, the patient would be assigned to the
cardiologist, having met the definition of “dominant” specialist. Note:
Hematologists and oncologists are considered relevant specialists as they
could be expected to manage MCCs patients’ care, especially during periods
of acute cancer treatment. However, as indicated above in Section F, the
measure is not designed to assess the quality of care of cancer specialists
who are actively managing cancer patients, and thus patients attributed to
hematologists and oncologists are excluded from the measure.

There are two scenarios where a patient can be assigned to a PCP. First, the
patient must have seen at least one PCP. The patient will then be assigned
to the PCP with the highest number of visits if there is no relevant specialist
who is considered “dominant.” Second, if the patient has had more than one
visit with a relevant specialist but no “dominant” specialist has been identified,
and has two or more visits with a PCP, they will be assigned to that PCP.

Finally, the patient will be unassigned if they only saw non-relevant specialists, if
the patient has not seen a PCP and no “dominant” specialist can be identified,
or if the patient has not had more than one visit with any individual PCP.

Patients are then assigned at the Taxpayer Identification Number (TIN) level,
which includes solo clinicians and groups of clinicians who have chosen to
report their quality under a common TIN.

At the TIN level, patients are first assigned to the clinician (unique National
Provider Identifier (NPI)/TIN combination since a given provider can be affiliated
with more than one TIN) most responsible for their care (using the algorithm for




individual clinician- level attribution above) and then patients “follow” their
clinician to the TIN designated by the clinician. Patients unassigned at the
individual clinician level continue to be unassigned at the TIN level.

If the TIN participates in an ACO, the patient follows the TIN to the ACO level
(which is an aggregate of TINs that participate in that ACO).

Person-time at risk:

The measure utilizes the calculation of person-years to determine the time
patients are at risk for hospitalization. The time at risk for hospitalization is
calculated by first determining when a patient becomes attributable to a
provider. For patients who had at least one outpatient visit in the prior year
with their attributed provider (that is, evidence of an existing relationship),
their time at risk begins at the start of the measurement year.

However, for patients who had not previously seen their attributed provider
(that is, evidence of a new relationship), their time at risk begins at the first
visit in the measurement year.

However, if the first visit to the attributed provider occurred after the patient
has entered hospice, the patient would not have any time at risk and would
thus be excluded. Time at risk is then calculated as the number of days a
patient is alive from the start of the measurement year or first visit until
enrollment in hospice, death, or the end of the measurement period. The
following times are not considered at risk and thus removed from the person-
time calculation during the measurement period:

e Days spentin a hospital, SNF, or acute rehabilitation facility

¢ 10 days following discharge from a hospital, SNF, or acute rehabilitation
facility

e Time after entering hospice care

Calculation Algorithm/Measure Logic:

The cohort of MCCs patients is identified first by applying the
inclusion/exclusion criteria. Patients are assigned to the individual clinician
most responsible for their care, and then subsequently to the TIN designated
by the clinician, using the visit-based attribution algorithm. Attribution is




assigned in the measurement period and only patients assigned to a MIPS-
eligible clinician will be included in the measure score calculation. If the TIN
participates in an ACO, the patient, as a final step, is assigned to the ACO ID
(which is an aggregate of TINs that participate in that ACO). The number of
admissions and time at risk in the measurement period are then calculated
for each patient based on the measure specifications. The measure is risk
adjusted for demographic, clinical, and social risk factors.

For the score calculation, the measure uses a hierarchical (two-level)
statistical model that accounts for the clustering of patients within MIPS
providers/ACOs and accommodates the varying patient sample sizes of
different providers. The measure uses a negative binomial with linear
variance (NB-1) model since the measure’s outcome is a count of the number
of admissions for MCCs patients during the measurement period.

The first level of the model adjusts for patient risk factors. The relationship
between patient risk factors and the outcome of admissions is determined
based on all patients attributed to MIPS-eligible clinicians. Therefore, the
“expected” number of admissions (described below) for each provider is
based on the performance of all eligible MIPS providers nationwide.

The second level of the model estimates a random-intercept term that reflects
the provider’s contribution to admission risk, based on their actual admission
rate, the performance of other providers, their case mix, and their sample
size.

The measure score is a risk-standardized acute admission rate (RSAAR),
calculated as the ratio of the number of predicted admissions to the number
of expected admissions multiplied by the crude national rate. The predicted to
expected ratio of admissions is analogous to an observed over expected
ratio, but the numerator accounts for clustering, sample-size variation, and
provider-specific performance. The expected number of admissions is
calculated based on the provider's case mix and average intercept among all
MIPS providers/ACOs. The predicted number of admissions is calculated
based on the provider’s case mix and the estimated provider-specific random
intercept term. The predicted to expected ratio is then multiplied for each
provider by a constant — the crude rate of acute, unplanned admissions




among all MIPS providers/ACOs— for ease of interpretation.

Risk Adjustment:

The risk-adjustment model includes demographic and clinical (including
chronic disease groups and measures of frailty) variables as well as social
risk factors. Clinical variables are defined primarily using CMS’s Condition
Categories (CCs), which are clinically meaningful groupings of ICD-10
diagnosis codes. Where ICD-10 codes in CCs overlap with those used in the
variables that define the chronic disease groups, those ICD-10 codes were
removed from the CCs to eliminate the overlap. Some variables are also
defined by subsets of ICD-10 codes within CCs. For details on how risk
variables are defined, see the following tabs in the Data Dictionary:
MIPSMCC All Risk Vars, MIPSMCC RVs defined by ICD10s, MIPSMCC RVs
defined by Pol Grp, MIPSMCC CC to ICD Map.

A comprehensive list of the risk adjustment variables categories and ICD-10
codes categories is available in the MIPS MCC Data Dictionary (code
specifications report) via links provided in Section I.

Case thresholds for measure reporting:

As noted in the 2022 Quality Payment Program Final Rule, MIPS eligible
groups, subgroups’, virtual groups, and APM Entities with at least 16
clinicians per group and with 18 attributed patients with MCCs as the case
minimum will be scored on this administrative claims-based measure.

I. Further Information

To access additional measure specifications, including the MIPS MCC Data
Dictionary (code tables), please visit https://gpp.cms.gov/about/resource-

library.

* Subgroups are only available through MVP reporting. All measure-specific criteria must be met by the subgroup.



https://qpp.cms.gov/about/resource-library
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